538 A 12 3 wofE ¥ W Vol.38 No.12
20174 12 H Journal on Communications December 2017

doi:10.11959/j.issn.1000-436x.2017294

ET SAE #1 LSTM RNN BSR4 BIE SR AFMBERIRAMR

Z’?‘Q)’]? 1,2,3, —/g\-,ﬁ:ﬁ 1,2,3, i/é:/}ﬂ 1,2,3 ,ﬁ:r—ﬂ 1,2,34
(1. b Tk R2EEBR WIC #F7TRE, db5 1001245 2. BEARG (S B2 A0 st i E Ase i =, Jba 1001245
3. {5 BB RS T E PRRHE SRR, db5 100124 4. dbm AR RHE B R aE L, b5t 100124 D

O ATIREHEBEUNM AR, RE MR A RO AN (SAE) A A2 o igrp
Z W% (LSTM RNN) G 2 SRl G AR IR A 7 ik . 275 It SAE X AN R BLAS (1 AR BRAFAE 3R 4715 5
RlGAESR, B S A LSTM RNN XK I 8] ] H  alA 10T 15 B R o Sl b 12 7 ¥ FH B VR St 42 b kAT
I9UE, 13RI IRS RAETRIEE] 0.792 6. LIRARK, SAE X 2 B4 TRHMEFIT 7 A 2GS, LSTM RNN
RERE AT Rt o iR 8] J 3 1) SR AF fE R A7 R 5

KRR ZHSARGSHER: RN AmEMAENL; KERCIZEIMENS; SHREEEESHE
hE %S TPI81, TP183 HEFRIRES: A

Study of emotion recognition based on fusion multi-modal
bio-signal with SAE and LSTM recurrent neural network

LI You-jun' 23, HUANG Jia-jin! %3, WANG Hai-yuan' %3, ZHONG Ning!->3+
(1. Institute of International WIC, Beijing University of Technology, Beijing 100124, China;
2. Beijing Key Laboratory of Magnetic Resonance Imaging and Brain Informatics, Beijing 100124, China;
3. Beijing International Collaboration Base on Brain Informatics Wisdom and Services, Beijing 100124, China;

4. Beijing Advanced Innovation Center for Future Internet Technology, Beijing 100124, China)

Abstract: In order to achieve more accurate emotion recognition accuracy from multi-modal bio-signal features, a novel
method to extract and fuse the signal with the stacked auto-encoder and LSTM recurrent neural networks was proposed.
The stacked auto-encoder neural network was used to compress and fuse the features. The deep LSTM recurrent neural
network was employed to classify the emotion states. The results present that the fused multi-modal features provide
more useful information than single-modal features. The deep LSTM recurrent neural network achieves more accurate
emotion classification results than other method. The highest accuracy rate is 0.792 6
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